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Development and Validation of Data-Driven Decision Making in
Schools Scale

Hasan Basri MEMDUHOGLU ', Barzan BATUK ?

Abstract: Data has become an essential part of educational decisions about teaching and learning,
classroom-level issues, management or a range of other decisions faced by educators. Due to the widespread
use of data, which is a resource used and benefited from in making qualified decisions, the need for a valid
and reliable measurement tool to determine the perceptions of administrators and teachers towards data-
driven decision making in schools has arisen. For this purpose, a five-point Likert-type scale called "Data-
Driven Decision Making in Schools Scale" was developed through a systematic process. The sample of the
study consisted of 584 teachers and administrators for exploratory factor analysis and 392 teachers and
administrators for confirmatory factor analysis. The McDonald’s omega (@) and Cronbach’s alpha (o)
coefficients calculated for the scale were found to be in the range of .84 — .96, and the CR and AVE values
were above .60 and between .52—.60, respectively, indicating sufficient reliability and convergent validity.
After the validity and reliability were ensured, the final version of the Data-Driven Decision Making in
Schools Scale consisted of 23 items and three dimensions. These dimensions are data collection and storage,
data analysis and interpretation, and data-driven culture. The analysis's findings demonstrate that the 3DM-
School is a valid and reliable measuring instrument for figuring out how administrators and teachers feel
about making decisions in schools based on data.

Keywords: Data-driven decision making, data for school management, data-driven management, data
culture, scale development

Okullarda Veriye Dayali Karar Alma Olceginin Gelistirilmesi

Oz: Veriler; egitim-6gretim, smif diizeyinde sorunlar, yonetim veya egitimcilerle karsilasilan diger bir dizi
karar hakkinda egitim kararlarinin temel bir pargasi haline gelmistir. Nitelikli kararlar alinmasinda
basvurulan ve yararlanilan bir kaynak olan verilerin yaygin kullanimindan dolay1 okullarda veriye dayali
karar almaya yonelik yonetici ve 6gretmenlerin algilarini belirlemek igin gegerli ve giivenilir bir 6lgme araci
ihtiyaci dogmustur. Bu amag dogrultusunda “Okullarda Veriye Dayali Karar Alma Olgegi” seklinde
adlandirilan besli likert tipi bir 6lgek sistematik bir siiregle gelistirilmistir. Arastirmanin O6rneklemi
acimlayict faktdr analizi igin 584, dogrulayici faktor analizi i¢in 392 Ggretmen ve yoOneticiden
olusmustur. Olgek icin hesaplanan McDonald’s omega (o) ve Cronbach’s alpha (o) katsayilar1 .84—.96
araliginda bulunmus, CR ve AVE degerleri ise sirastyla .60’ {lizerinde ve .52—.60 arasinda olup yeterli
giivenirlik ve yakinsak gecerlik gostermistir. Arastirmada gegerlik ve giivenirlik saglandiktan sonra
Okullarda Veriye Dayali Karar Alma Olgegi'nin son hali toplam 23 maddeden ve ii¢c boyuttan olusmustur.
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Bu boyutlar; verilerin toplanmasi ve saklanmasi, verilerin analizi ve yorumlanmasi ve veriye dayal kiiltiir
olarak siralanmistir. Analiz sonuglar1 6lgegin 6gretmen ve yoneticilerin okullarda veriye dayali karar almaya
yonelik algilarini belirlemede giivenilir ve gegerli bir 6lgme araci oldugunu géstermektedir.

Anahtar kelimeler: Veriye dayal karar alma, okul yonetiminde veri, veriye dayali yonetim, Slgek
geligtirme

Introduction

For centuries, we have used data as a practical way to avoid uncertainty (Blau, 2011).
Observations and recorded notes about changes in nature, such as when rivers flood, when crops
ripen, when trees bear fruit, and when seasons start and end, can be considered as the first examples
of the process of data collection, analysis and interpretation. Such data-based processes have made
the environment more bearable and the future predictable. Throughout history, data has been used
by both individuals and institutions in informal and formal ways. However, with the emergence of
mass production in the early 20th century, data use became more systematic and was accepted as
an important resource that management approaches benefit from, in line with Peter Drucker's
words, "you can't manage what you can't measure" (Robinson et al., 2005). The reflection of this
historical process to the present day is no longer limited to observing natural events, but also in the
form of systematic collection, analysis and use of big data in almost every field, from decision-
making processes of institutions to education systems, from health services to economic planning,
by integrating it with modern technologies such as artificial intelligence. Thus, data used to
understand nature in the past has become an indispensable tool for managing complex social
systems today.

Data has become important as effective and objective sources for controlling organizations,
increasing efficiency, being aware of market needs and feedback, providing agility for increasing
competition and accurate measurements. Educational organizations are also places where
continuous measurements are made, feedback is provided and data is used intensively. Following
the No Child Left Behind Act in the early 2000s, data-driven decision-making became a focal point
of educational policy and practice (Mandinach et al., 2006a). Data-driven decision-making
represents an evolution for organizations from being "data-rich but knowledge-poor" to using data
and transforming it into actionable knowledge (Kennedy, 2019).

Data-driven management emphasizes transparency and accountability and forces managers
to make decisions based on evidence rather than intuition. Data-driven transformation leads
organizations to change their working practices and requires additional skills such as a focus on
innovative data collection and analysis practices to provide organizations with a competitive
advantage in all their practices (Davenport, 2006; McGuire et al., 2012). Collecting, storing and
analyzing data are becoming important routines for educational organizations to survive, progress
and increase their productivity and effectiveness (Manyika et. al., 2011). Thus, it is seen as an
important option for educational organizations to take a position for the future by obtaining insights
from data.

Literature Review

Decisions constitute the essence of educational organizations. Decision making plays an
important role in motivation, leadership, communication and organizational change (Hogg &
Vaughan, 2007). It is known that schools, which have a dynamic structure, are directly related to
decision-making processes as the main factor affecting their problem-solving skills and finding
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effective solutions to problems. It is important to use data to identify the causes of the existing
problem before taking measures for development and progress (Schildkamp et al., 2016). The use
of data is an important element in turning decisions into action (Spillane, 2012). Decision-making
is extremely important for management due to its difficulty, complexity and high number of
variables, and it can also be a source of pressure and stress. Therefore, protecting against
uncertainty in decision making has received considerable attention from both academia and
industry (Ning & You, 2018). Data-rich educational organizations value data-driven decision
making to use and leverage data to make objective, effective, and predictive decisions.

As the risks associated with a decision increase, so does the need for robust evidence
(Epstein, 2008). Therefore, there is a need for data, which is considered as evidence in fulfilling
the responsibility for effective decision-making. Data supports managerial and professional work
and is critical for all decisions at all levels of a business (Alshikhi & Abdullah, 2018). According
to Kaufman et al. (2014), data-driven decision making is the generation of options that include
policies and procedures for the user through data analysis. Therefore, data-driven decision making
is the main focus of both educational policies and educational practices (Mandinach et al., 2006b).
Thus, in educational organizations, data have become the most effective tools to determine their
future instead of being collected aside and seen only as ordinary files.

Data may initially appear to be just numbers, but can be transformed into valuable
information by a competent user. Data that gain meaning through context (Mandinach & Honey,
2008; Williams & Hummelbrunner, 2011) provide effective and meaningful feedback for schools.
Accurate and high-quality data can be considered as a source of inspiration and motivation in
determining the destiny of the organization. Supporting the decisions made in organizations,
freeing them from prejudices and accepting them without personalizing them becomes possible
through data. Data can improve decisions, but making the best use of data and making healthy
decisions is only possible with the use of accurate analysis methods and analysts. Data contains
insights and meanings that can lead to better decisions, and the right analysis is the way to get them
and act on them. In this way, data can be used in organizations as a decision-making tool or
technique free from intuition, prejudice and experience.

Data-driven decision making is considered as a complex process involving many variables.
Studies (Bertrand & Marsh, 2015; Calzada Prado & Marzal, 2013; Creighton, 2007; Dogan, 2021;
Ikemoto & Marsh, 2007; Kahneman & Klein, 2009; Kowalski & Lasley, 2009; Lasater et al., 2020;
Mandinach, 2012; Park & Datnow, 2017; Schildkamp & Ehren, 2013; Young, 2006) on educational
organizations and businesses were examined to determine the item pool and sub-factors to measure
data-driven decision making in schools. When the studies on data and data-driven decision making
are examined, concepts such as data analysis, interpretation, collection, storage, data literacy, data
culture, data accessibility, data use, technological infrastructure, data interpretation, data systems
are emphasized. In addition, the concepts of data collection, data storage, data analysis, data
interpretation and data culture were emphasized in focus group interviews with teachers and
administrators. Focus Group Interview, one of the interview techniques, can be used as a data
collection tool and data sources are created by bringing together a small number of people related
to the subject of the research (Sencan 2005). Therefore, while conceptualizing the sub-dimensions
and items in the study, the concepts of data collection and storage, data analysis and interpretation,
and data-driven culture were used.
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It is seen that the studies conducted while creating dimensions for data-driven management
and data-driven decision making include various classifications. Mandinach (2012) uses the
concepts of collecting, storing and analyzing data, while Dogan (2021) considers technological
infrastructure and hardware, data use culture, data use purpose and data literacy as sub-dimensions
in his research. In addition, Park and Datnow (2017) argued that development-oriented data
cultures can lead to equity-based data decisions. For the dimensions of the Data-Driven Decision
Making in Schools scale developed with reference to these studies, the concepts of data collection
and storage, data analysis and interpretation, and data-driven culture were used.

Data Collection and Storage

Collecting and storing data are among the routines of educational organizations. This can
include data from student assessments, surveys, structured classroom and school observations
(Mandinach & Jimerson, 2016). The process of collecting and storing data, which is one of the
primary steps that data-driven organizations must overcome, is seen as valuable for timely access
to data, data security, and data processing. Based on the hypothesis that data collection in education
helps to prevent and correct problems such as biases associated with intuitive judgment and
rationally improves the quality of educational decisions, there is a growing expectation in the
educational community that teachers should intentionally and systematically use data to inform
decision-making (Kowalski & Lasley, 2009). The collection and storage of data in educational
organizations is mainly driven by three data use needs. Schildkamp et al. (2017) discuss these as
accountability, school improvement and instruction.

Data Analysis and Interpretation

Analysis and interpretation of data is necessary to use data instead of intuition, experience
and personal opinions, and to analyze and make sense of its results. Data gain value through
analysis and the interpretation that results from it. In data-driven decision-making, an evidence-
based decision-making approach used by schools, how data is collected, stored, analyzed and
interpreted determines the impact and outcome of decisions. The manipulation or biased
interpretation of data by users can be prevented through analysis. Even if data is collected
rationally, teachers still need to make sense of it (Bertrand & Marsh, 2015). To engage in data
interpretation, teachers need knowledge, skills and training to interpret data effectively and
responsibly (Mandinach & Gummer, 2016). In the process of data analysis and interpretation, the
importance and necessity of data literate teachers and administrators emerges. According to
Calzada Prado and Marzal's (2013) definition, data literacy enables individuals to access, interpret,
critically evaluate, manage, process and ethically use data. Incorrectly analyzed or interpreted data
can lead to invalid inferences that are biased and cause decision-makers to reach precisely the
wrong conclusions.

Data-driven Culture

Data-driven culture is vital for the use and impact of data in educational organizations.
Therefore, a data-driven organizational culture plays an essential role for the proper functioning of
data-driven decision-making processes in schools. Every element of schooling is impacted by
culture, including how information is viewed and utilized (Firestone & Gonzalez, 2007). Data-
driven decision-making is influenced by the ways in which data users (teachers and administrators)
notice and make sense of data, as well as the organizational, social, and political contexts in which
these interactions take place (Farrell, 2015). Therefore, data culture is a valuable organizational
asset and characteristic to highlight the important role that data utilization methods are influenced
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by the expert interpretation and judgment of instructors. As schools adopt policies that contradict
prevailing values and beliefs, school cultures gradually shift rather than abruptly (Deal & Peterson,
2016). Therefore, creating a data-driven culture in schools requires a clear vision for data use,
collaboration around data, resources and systems that allow teachers to access and make sense of
data, a sense of trust around data use, shared responsibility for school improvement, school
leadership that models and supports data use, and high expectations for student learning (Datnow
& Park, 2014; Mandinach & Jackson 2012).

The main purpose of this study is to develop a valid and reliable measurement tool to
assess the perceptions of teachers and school administrators regarding data-based decision-making
processes in the context of the Turkish education system. In 21st century schools, data-driven
applications are becoming dominant in the basis of effective decision-making processes. At the
school level, the ability of teachers and administrators to make decisions based on data is
considered an important factor that can increase school effectiveness and student performance.
However, in order for this process to be carried out healthily, the perceptions of teachers and
administrators regarding data-driven decision-making processes must be measured with valid and
reliable tools. Although there are studies on data-driven decision making, most of which are based
on a theoretical and qualitative perspective (Altun & Karasu, 2021; Brooks, 2012; Cemaloglu,
2019; Datnow et al., 2018; Dilekgi et al, 2020; Dogan, 2021; Dunn, 2016; Dunn et al., 2013; Kartal,
2021; Marsh et al., 2006; Magbool et al., 2022; Oz, 2020; Tabak et al., 2020; Simpson, 2011;
Staman et al., 2014; Swan, 2009; Vicki & Datnow, 2009; Zeide, 2017). When these studies are
examined, it is seen that they mainly focus on the theoretical foundations of data-driven decision
making and some organizational outcomes and effects. However, there is a lack of a culturally,
comprehensively and valid Turkish scale to measure the perceptions of teachers and administrators
regarding data-based decision-making processes in Turkey. Existing scales usually focus only on
teacher opinions or address the process in limited dimensions. This study aims to fill this gap by
presenting a measurement tool that evaluates both teacher and administrator perceptions together
and is specific to many organizational dimensions and contexts such as data analysis, data literacy
and data culture.

Method
Research Design

This study was designed within the scope of the scale development model, which is one of
the quantitative research methods. In this context, the research was structured as a developmental
and descriptive survey model that follows the scientific steps specific to the scale development
process.

The Process of The Scale Development

A pilot application of the proposed form was made to a study group of research participants
who have similar characteristics (teachers and administrators from different school levels and
seniority). Following the establishment of the psychometric properties (validation and reliability)
of the preliminary version elements, the ultimate measurement form containing the ideal items was
created (Yurdugiil & Askar, 2008; Fraenkel et. al., 2011).

Systematic steps were followed in the development process of the 3DM-School Scale
(Figure 1). In order to obtain fair evidence, the data were collected from two different cities (Van
and Siirt) at different times. Evidence for reliability and validity was presented according to the
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replies of teachers and administrators (initial sample) to the draft form of the 3DM-School
[exploratory factor analysis (EFA)]. Teachers and administrators employed in another city were
subjected to the model that resulted from EFA during the validation phase (Second Sample). The
validity and reliability of the 3DM-School Scale was examined by using confirmatory factor
analysis (CFA) was used.

Figure 1
Scale development steps (Devellis & Thorpe, 2021)

‘.‘.‘.‘.|“.‘.‘

Determining the subject to be measured

The goal of this research was to create an instrument to measure teachers' and
administrators' perceptions of data-driven decision making in schools. Three dimensions were
obtained for the 3DM-School. These three dimensions—data collection and storage, data analysis
and interpretation, and data-driven culture—were covered in the literature review (Figure 2).

Figure 2
Dimensions of the 3DM-School Scale

w
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3DM-School

Creation of the item pool

During producing the item pool, studies on data-driven decision making were examined
(e.g., Altun & Karasu 2021; Brooks, 2012; Datnow et al., 2018; Dilekgi et al, 2020; Dogan, 2021;
Dunn et al. (2013); Dunn, 2016; Kartal, 2021; Mandinach & Gummer, (2013); Mandinach &
Jackson 2012; Magbool et al., 2022; Marsh et al., 2006; Oz, 2020; Simpson, 2011; Staman et al.,
2014; Tabak et al., Vicki & Datnow, 2009; 2020; Zeide, 2017). Furthermore, every item in the
scale was designed for teachers and administrators at the forefront (DeVellis, 2017). In order to
measure the general perceptions of the participants, the phrase "In our school..." was placed at the
beginning of each item in the pool. A 43-item draft form suitable for teachers and administrators
was created by us. At this point, the researchers determined that some items were identical to one
another in terms of the content of the questions and opted to eliminate 12 items from the draft form.
There were only 31 items left in the draft, including 10 items for data collection and storage, 6
items for data analysis and interpretation, and 15 items for data-driven culture.

Determining the measurement format

A 5-point Likert was utilized in determining the measurement format of the 3DM-School.
Likert options vary from "strongly disagreement" to “strongly agreement". The minimum level of
aggreement is denoted by 1 while the maximum level is denoted by 5. This method was followed
because the 5-point Likert is a widely used measurement method, as well as being an effective
measurement method in obtaining the situation to be measured (DeVellis, 2017), and the reliability
of the scores to be produced increases with the number of alternatives in the measurement tool
(Thorndike, 2005).

Submission of the item pool to expert opinion

The phrases "appropriate, should be corrected, not appropriate and explanation" were
included in an expert opinion form made by academicians (Four of the academics are Professors
and Associate Professors in Educational Administration, one is an Associate Professor in
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Curriculum and Instruction, and one is an Assistant Professor in Measurement and Evaluation.)
regarding the suitability of the items in the item pool created as part of 3DM-School. Upon its
creation, the form was progressively shown to academics in the field of school administration for
their feedback, then measurement and evaluation in education, and finally from the field of Turkish
to ensure understability of the scale. In the first stage, seven academicians from the field of
educational administration gave their opinions for the form. After the experts from educational
administration discipline were consulted, an academician’s (who is an expert in measurement and
evaluation in education) opinions were asked. According to the feedback, some items were
corrected and some were removed from the form on the grounds that they were not appropriate. A
few items were revised with the feedback given by language experts. As a result, the 3DM-School
scale was revised in line with the Expert assessments and a final form with thirty-one items (10
items on data collection and storage, 6 items on data analysis and interpretation, and 15 items on
data-driven culture) was created. The next phases of the study were conducted using the updated
form as a guide.

Inclusion of control items

There were not any control items in the 3DM-School scale. Attempts were made to
determine which forms were shown to be completed as outliers (answered haphazardly/sloppy)
during the data collection phase, rather than utilizing control items. Inadequate responses were
identified based on this approach (Tabachnick & Fidell, 2013), and as a result of extreme values,
28 individuals from the CFA sample and 38 participants from the EFA sample were excluded using
the Z-score technique.

Piloting the scale

Before collecting evidence for the reliability and validity of the 3DM-School, the pilot
procedure of the measurement tool was carried out including 27 teachers and administrators (17
teachers, 10 administrators) working at varying levels of education (primary, middle, high school)
in the 2021-2022 academic year. Spelling mistakes, confusing phrases, face validity, and response
time were all investigated in the pilot study. In this case, it was concluded that a few unnecessary
terms should be removed from the form, that all terms were clear, and that the form was useful
based on participant comments. The average response time of the participants was determined as
5-8 minutes. For this reason, the researchers allowed 8 minutes for the reliability of the scale not
to be influenced by the time factor.

Conducting analysis

To demonstrate the 3DM-School scale's validation, the way of scale development was
addressed with two different studies based on the response processes. The EFA procedures were
applied using the first responses, and the CFA procedures were applied using the second responses.
Convenience sampling was utilized to gather these responses from teachers and administrators in
two distinct Turkish cities during the second semester of the 2021-2022 school year. It was
voluntary for both samples to participate in 3DM-School.

As the 3DM-School instrument was being developed, attention was paid to reaching the
suitable number of samples to get reliable and valid findings. Otherwise, the latent structure of the
scale and EFA results could have been negatively affected. To determine the appropriate number
of participants, there are a number of recommendations and methods according to prior studies
referring the acceptable number of participants. Although there are differing opinions on the ideal
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sample size for factor analysis, many researchers agree that a sample size of 300 to 500 is generally
acceptable (Comrey & Lee, 1992; Tabachnick & Fidell, 2013). Therefore, it was decided that the
number of participants should be as high as possible above 300. Following the removal of the forms
containing outliers, 364 teachers and school administrators were included in the second sample,
and 546 teachers and administrators made up the first sample. Thus, it can be concluded that the
study's initial sample size for EFA satisfied the "very good" criterion, when the latter one analyzed
for CFA has "good" criterion.

In order to test the construct validity of the 3DM-School scale, Exploratory Factor Analysis
(EFA) and Confirmatory Factor Analysis (CFA) were conducted respectively on two independent
samples. Prior to EFA, assumptions related to sample adequacy (KMO, Bartlett's test), normality
(skewness and kurtosis), and item-total correlations were checked. EFA was performed using the
maximum likelihood method with Direct Oblimin rotation, considering criteria such as
eigenvalues, scree plot, and factor loadings. After determining the factor structure, Cronbach's
alpha reliability coefficients and inter-factor correlations were calculated. CFA was then conducted
on the second sample to confirm the scale’s structure, and model fit was evaluated using standard
indices (¥?/df, CFI, NFI, RMSEA, SRMR). Details of these analyses and related findings are
presented in the Findings section.

Optimizing scale length

Initially containing 43 items, the 3DM-School was later reduced to 31 items based on the
views from researchers and academics. Following EFA and CFA tests, the ultimate measurement
tool had 23 items under three factors.

Findings
The findings obtained from the 3DM-School analysis are given in the following subsection.
Validation of the 3DM-School

In order to determine the construct validity, firstly the factor structure of the scale was
discovered by applying explanatory factor analysis (EFA). Then, confirmatory factor analysis
(CFA) was performed to test the accuracy of this structure. The findings obtained as a result of
both analyses were evaluated to the extent that they were consistent with the theoretical structure
of the scale and evidence regarding construct validity was presented. The detailed results of these
analyses are given below with tables and graphs.

Exploratory factor analysis (EFA)

To determine whether the sample size found in the study was appropriate for EFA, the
KMO and Bartlett tests were used. The sample size's KMO value was =.97, and the Bartlett's test
resulted in (}*=8641.40, p<.05). Based on this outcome, it is considered that the sample size is
sufficient for EFA. Furthermore, Field (2017) acknowledged that the data were regarded to be
normally distributed due to the fact that the coefficients of skewness and kurtosis varied from +
2.00. The item-total correlations of the items in the 3DM-School were examined prior to the EFA
application and some items (110 = .27; 16 = .23; 119=.18; 113=.24) were taken off the 3DM-School
because of being below .30 value. When the items were accumulated under certain factors, the
dimensions were determined and the items that did not fall under any dimension were removed.
Therefore some items (i3, 112, 116, 123) were decided to be removed from the scale because they
were not gathered under any factor. After the related items were removed, it was found that the
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remaining 23 items had a sufficient item-total correlation represented in Table 1. EFA was used to
ascertain the 3DM-School's factor structure when it was determined whether the study's sample
size was appropriate.

Table 1

EFA results for the scale of data-driven decision making in schools

Former New

Factor Item No. [tem No Loa dii[zn\l/alues
i2 i2 72
i7 i5 1
Colloct ; il il .70

ollection an . .

Storage of Data %4 %3 69
(CSD) %9 ¥7 .66
15 14 .64
i8 16 .53
ill i8 .39
Data i14 19 75
Analysis and 117 il1 74
Interpretation (DAI) 18 12 .60
il5 i10 49
127 19 .76
25 17 72
i24 i16 72
i26 18 71
_ 130 122 .68
Data-Driven 29 01 65
Culture (DDC) 20 13 65
131 123 .64
i22 il5 .63
i21 il4 .59
128 120 .53

As a result of the analysis, it was decided to remove 8 items (3, 6, 10, 12, 13, 16, 19, 23)
with item loadings below 0.3 from the former 31-item scale. The 3-factor scale structure consisting
of 23 items was prepared for CFA by renumbering the scale items from 1 to 23 in order to
distinguish between former and latter items.

Figure 3
Scree plot graph of the 3DM-School Scale

This study is licensed under Creative Commons Attribution-NonCommercial-NonDerivative (CC BY NC ND) 557



Van Yiiziincii Yil Universitesi Egitim Fakiiltesi Dergisi, 2025; 22(2), 5. 548-573.

Van Yiiziincii Yil University Journal of Education, 2025; 22(2), p. 548-573. DOI: 10.33711/yyuefd. 1579564

Scree Plot

o

10

Eigenvalue
o

T

12 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23

Component Number

The EFA analysis revealed a three-factor structure with an eigenvalue > 1.00, which
provided 64.01% of the total variance. It was observed that a horizontal curve continued after the
third factor when the scree plot graph was examined, it. Accordingly, the variance explained
(64.01%) was found to be acceptable. The first factor's eigenvalue was 21.91%, the second factor's
eigenvalue was 16.40%, and the third factor's eigenvalue was 25.69 %. In addition, the Scree Plot
graph used to determine the number of factors was examined and it was observed that the breaking
point was concentrated in three factors as seen in figure 3. This provides visual evidence supporting

the three-factor structure of the scale.

Table 2
Component and rotated factor loadings with communalities for 3DM-School Scale
Component Matrix Rotated Component Matrix Communalities

Items 1 2 3 1 2 3 Extraction

il .64 38 14 .70 .20 .20 .59

12 .76 32 13 12 29 27 .68

13 78 .26 A3 .69 .34 31 .69

14 .76 .19 23 .66 27 41 .67

15 .69 38 .01 1 32 A2 .62

16 .59 14 .39 53 .07 48 .52

17 58 41 -.08 .65 .30 -.01 52

18 75 .05 .07 33 .39 32 57
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19 57 -.33 45 .16 75 18 .62
110 76 01 17 34 49 37 .61
i1l .56 -41 35 .26 74 .07 .61
112 75 -.11 .26 34 .60 40 .64
113 .82 -.11 -.11 .36 37 .65 .70
14 7 -21 -.02 45 27 .59 .64
115 76 -31 -.04 48 .19 .63 .67
116 79 -.15 -21 .30 .30 72 .70
117 .80 -23 - 17 37 25 72 72
i18 78 -31 -.14 43 18 1 73
i19 78 -21 =27 27 23 76 72
120 .69 18 -.19 .08 40 53 .55
121 74 .07 -27 A1 43 .65 .62
122 .63 A1 -43 -.06 37 .68 .60
123 81 .01 -.14 27 44 .64 .68

Table 2 presents the Component Matrix, Rotated Component Matrix and Communalities
values of the 3DM-School Scale. All of the factor loadings and common variance values in the
table are above the accepted limit values. This shows that the items of the scale adequately reflect
the factor structure and support the construct validity.

Confirmatory factor analysis (CFA)

Confirmatory factor analysis (CFA) was first applied to the original form of the scale and
model-data fit indices were examined. When the fit indices were below the reference values,
modification suggestions were evaluated. In this process, modifications were made between the
item pairs with the highest error covariance (113—114 and 120—-i121) and the model was re-run. Since
the explanatory power of the items with high error variance is low, such items were first reviewed
individually. In cases where more than one item shows negative error variance, it is recommended
to remove the items from the model one by one and evaluate the effect of these changes on the
model (Simsek, 2007). The modifications were applied gradually (one by one) in accordance with
the theoretical basis of the model (Cokluk et al.; 2010).; improvements were observed in the model
fit indices after each modification.

When the modification model-data fit indices were examined, the results are as; y*/df=3.25,
CFI= .92,TLI= 91, NFI= .90, RMSEA= .07. The analysis results reveal that the fit of the model
with the data is within acceptable limits and the fit indices are at an appropriate level (Hu & Bentler,
1998; Marsh & Hocevar, 1985; Browne & Cudeck, 1993; Marsh et al., 2006). Accordingly, the
three-factor structure of the 23-item 3DM-School was validated using an independent sample. The
model-data fit indices for the 3DM-School are presented in Figure 4.

Figure 4
CFA results of the 3DM-School Scale
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The factor loadings of the items in the first factor (il, 12, 13, 14, 15, 16, 17) ranged between
.61 and 0.83, the factor loadings of the items in the second factor (i8, 19, 110, 111, 112) ranged
between .63 and .82 and finally the factor loadings of the items in the third factor (i13, 114, i15,
116,117,118,119, 120, m21, 122, 123) ranged between .61 and .84. The satandard factor loadings are
presented in Table 3.

Table 3
Standard factor loadings after CFA

Dimensions Items Factor Loadings
il .70
i2 .80
Collection and 13 .83
Storage of Data 4 .82
(CSD) i5 .70
16 .60
i7 .61
i8 71
Data 19 .63
Analysis and 10 .82
Interpretation (DAI) ill .64
il12 .76
il3 .83
il4 .82
il5 .79
il6 77
Data-Driven H ; gg
Culture (DDC) 19 3
120 .61
i21 72
22 .67
23 81

The Turkish and English translations of all items in the 3DM-School scale are presented in
detail in Table 4 in order to illustrate the linguistic validity and comprehensibility of the scale. This
table includes both the original (Turkish) form of each item and the English translation used within
the scope of the research. Thus, the content structure of the scale and the consistency in the
translation process can be followed more clearly.
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Table 4
3DM-School Scale items

English Version

Tirkge Versiyonu

1. In our school, data are collected by using
multiple data collection techniques
(questionnaire, interview, test, etc.).

1. Okulumuzda ¢oklu veri toplama
tekniklerinden (anket, goriisme, test vb.)
yararlanilarak veriler toplanir.

2. In our school, the existing data is constantly
updated with new data entries.

2. Okulumuzda stirekli yeni veri girisleriyle
mevcut veriler giincellenir.

3. In our school, multidimensional data are
collected about internal and external factors
(student, teacher, administrator, parent,
environmental indicators, etc.).

3. Okulumuzda i¢ ve dis faktorler (6grenci,
Ogretmen, yonetici, veli, cevresel
gostergeler vb.) hakkinda ¢ok yonlii veriler
toplanir.

4. There is a defined systematic procedure for
data collection (who will collect what kind of
data, from where, when and how).

4. Veri toplamaya iligkin tanimlanmig
sistemli bir isleyis (kimin, ne tiir verileri,
nereden, ne zaman, nasil toplayacagina
iliskin) vardir.

5. In our school, data is stored by classifying
according to data types (student, teacher,
parent, administrator, environment, etc.).

5. Okulumuzda veriler siniflandirilarak
(6grenci, 0gretmen, veli, yonetici, gevre
vb.) saklanir.

6. Our school has technological equipment
(automation system) for efficient storage and
use of data

6. Okulumuz, verilerin etkin saklanmasi ve
kullanilmasina déniik teknolojik donanima
(otomasyon sistemi) sahiptir.

7. In our school, personal/private information is
protected from access by others by paying
attention to confidentiality.

7. Okulumuzda kisisel/mahrem bilgilerin
gizliligine 6nem verilerek erisime karsi
korunur.

8. The administrators and teachers in our
school have sufficient knowledge and skills in
processing and interpreting data.

8. Okulumuzdaki yonetici ve 6gretmenler
verileri islemede ve yorumlamada yeterli
bilgi ve beceriye sahiptir.

9. Necessary trainings on data analysis and data
mining are given in our school.

9. Okulumuzda veri analizi ve veri
madenciligi konusunda ihtiya¢ duyulan
egitimler verilir.

10. The analysis and interpretation of data is
given importance for the effectiveness of the
school and the development of the students.

10. Okulun etkililigi ve 6grencilerin
gelisimi i¢in verilerin analizi ve
yorumlanmasina 6nem verilir.

11. In our school, information technologies and
statistics are fields that everyone has
knowledge of in the analysis of data.

11. Okulumuzda verilerin analizinde bilgi
teknolojileri ve istatistik herkesin bilgi
sahibi oldugu alanlardir.

12. In our school, it is important to use
supportive measurements and visuals (graphics,
tables, etc.) in the analysis and interpretation of
data.

12. Okulumuzda verilerin analiz ve
yorumlanmasinda destekleyici dl¢timler ve
gorsellerin (grafik sekil tablo vb.)
kullanilmasina 6nem verilir.

13. An objective management approach is
ensured thanks to data-driven decisions at our
school.

13. Okulumuzda veriye dayal1 alinan
kararlar sayesinde objektif bir yonetim
anlayisi saglanir.
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14. In our school, data-based inspections and
evaluations are made.

14.0kulumuzda verilere dayali denetim ve
degerlendirmeler yapilir.

15. All the planning (strategic plan, course and
class distributions, annual events, etc.) in our
school is based on data.

15. Okulumuzdaki tiim planlamalar
(stratejik plan, ders ve sinif dagilimlarn,
yillik etkinlikler vb.) veriye dayali
gerceklestirilir.

16. In our school, data is considered as an
important tool to ensure transparency and
accountability.

16. Okulumuzda veriler; seffaflik ve hesap
verebilirligi saglamak adina 6nemli bir arag
olarak kabul edilir.

17. Data is seen as the main criterion in
revealing the current status and potential of the
school.

17. Okulun mevcut durumunu ve
potansiyelini ortaya koymada veriler temel
Olclit olarak goriiliir.

18. In our school, data-driven decision making
is a decision-making technique that all
employees value.

18. Okulumuzda veriye dayali karar alma;
tiim ¢alisanlarin deger verdigi bir karar
alma teknigidir.

19. In our school, decisions driven by data are
considered valuable for democracy and justice
within the organization.

19. Okulumuzda veriye dayal1 alinan
kararlar Orgiit ici demokrasi ve adalet i¢in
degerli goriiliir.

20. In our school, there is a continuous data
sharing between the guidance service and the
school management.

20.0Okulumuzda rehberlik servisiyle okul
yonetimi arasinda stirekli bir veri paylagimi
gerceklesir.

21. In our school, teachers constantly share the
data they obtain with the management.

21.0kulumuzda 6gretmenler elde ettikleri
verileri yonetimle siirekli paylasir.

22. Except for the data collected in the school,
all databases belonging to the Turkish Ministry
of National Education (MEBBIS, E-OKUL,

ILSIS, etc.) are utilized to the maximum extent.

22.0Okulun topladig1 veriler disinda MEB'e
ait tiim veri tabanlarindan (MEBBIS, E-
OKUL, ILSIS vb.) azami derecede
yararlanilir.

23. In our school, there is a common
understanding among all stakeholders
regarding the use of data.

23. Okulumuzda verilerin kullanimina
iliskin tiim paydaglar arasinda ortak bir
anlayis vardir.

Findings Related to Reliability Analyses

In order to determine reliability of the scale, Cronbach's Alpha and McDonald’s Omega

were calculated. The Cronbach’s Alpha and McDonald’s Omega results were found to be of similar
values. Both of the reliability coefficients for the three factors of the 3DM-School scale were found
to be .89 for the first factor, .84 for the second factor, .94 for the third factor, and .96 for the total

of 3DM-School indicating good to excellent internal consistency across all dimensions. The results

are presented in Table 5.
Table 5

Findings related to internal consistency analyses of the 3DM-School Scale

Dimensions

Cronbach Alpha Values

McDonald’s Omega Values

Data Collection-Storage .89

.89
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Data interpretation-Analyze .84 .84
Data Culture .94 .94
Total of 3DM-School .96 .96

Findings Related to Convergent Validity Analyses

For convergent validity, the composite reliability (CR) value and the average variance
extracted (AVE) value are taken into account. According to some sources, the AVE value is to be
above .50 (Shrestha, 2021) and the CR >AVE condition is required for convergent validity (Hair
etal., 2014).

Table 6
Findings related to convergent validity analyses of the 3DM-School Scale

Dimensions CR AVE
Data Collection-Storage .89 53
Data interpretation-Analyze .84 Sl
Data Culture .94 .60
Total of 3DM-School .96 .56

As seen in Table 6, CR values are above .60 for the total of the scale and all dimensions.
The high CR values of the scale and in its sub-dimensions indicate good internal consistency
reliability. In addition, AVE values are between .52 and .60, supporting the convergent validity of
the scale. According to the results, it can be said that the scale provides convergent validity.

Discussion and Conclusion

This study aims to develop an original measurement tool regarding data-driven decision-
making processes in schools. This measurement tool, called 3DM-School, was designed to
systematically evaluate teachers' perceptions in the context of data-driven decision-making.
Therefore, this study aims to develop a valid and reliable assessment tool covering three basic
dimensions of data-driven decision-making processes in schools.

The exploratory factor analysis (EFA) applied in the study revealed that the data had a
three-factor structure. These factors were named as data collection and storage, data analysis and
interpretation, and data-driven culture. The confirmatory factor analysis (CFA) results also showed
that this structure provided an acceptable level of model fit. Thus, the findings obtained support
that the developed 3DM-School measurement tool is valid and reliable (Tabachnick & Fidell,
2019).

The 3DM-School scale provides an important contribution to the literature as an original
tool for evaluating data-driven decision-making processes in educational administration. It can
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provide a more comprehensive assessment, especially with its dimensions of data culture, data
literacy, and data analysis and interpretation. In addition, the multidimensional structure of the
scale supports its use as a powerful assessment tool for researchers and practitioners by examining
in detail the different aspects of leadership and governance processes in educational institutions. In
this context, the 3DM-School scale contributes to the development of a data-driven decision-
making culture in the field of educational administration, both theoretically and practically.

The 3DM-School scale differs from existing tools (Brynjolfsson & McElheran, 2016;
Dogan & Demirbolat, 2021; Qiao et al., 2025; Yilmaz & Jafarova 2022) in the literature in several
ways. First, the scale was developed based on the direct experiences of teachers working in public
schools in Tiirkiye. In this respect, it stands out as a measurement tool that is sensitive to the local
context. Second, the dimensions covered by the scale, especially through structures such as “data-
driven culture,” make areas that are missing in the literature measurable (Datnow & Park, 2014;
Mandinach & Gummer, 2013). This shows that the 3DM-School has the capacity to assess not only
individual attitudes but also organizational data culture. In addition, unlike existing data-driven
decision-making scales, the 3DM-School scale addresses the “Data Analysis and Interpretation”
dimension separately and distinctly. This dimension fills an important gap between the scales by
focusing on the effective analysis of data and the extraction of correct conclusions during the
decision-making process. This unique approach contributes to increasing the data literacy of
practitioners in the field of education and improving decision quality.

The dimensions of “data collection and storage”, “data analysis and interpretation” and
“data culture” used in this study were structured based on the action theories developed in the
literature on data use (Boudett et al., 2005; Earl & Katz, 2006; Marsh, 2012; Schildkamp &
Poortman, 2015) and studies on data-driven decision-making processes (Mandinach et al., 2008).
The significance of precisely identifying the intended use of the data is stressed in all of these
theories. It is also stated that data use is not limited to just collecting information; it is a cyclical
and reflective process that includes analysis, interpretation and actions based on these findings.
Therefore, it is important to create a data-driven school culture in order to develop teachers'
sustainable data understanding and to support data literacy competencies for data analysis and
interpretation. The developed 3DM-School scale contributes to the strengthening of a data-driven
decision-making culture in schools with its rich and theoretically based factor structure. The scale
aims to systematically support school development by providing teachers with the opportunity to
evaluate their current situation regarding data use in a multidimensional manner.

Educational organizations are rich in data but have a long way to go in terms of using and
benefiting from data. Data-rich schools need to encourage teachers to take an active role in data
analysis and interpretation. Many teachers make limited efforts to develop data literacy skills and
have difficulty integrating this skill into classroom practices (Mandinach & Gummer, 2012). It has
been observed that teachers use data very rarely, especially in terms of analyzing student failures,
setting individual learning goals, and adapting teaching to students' needs within the scope of
instructional data use (Mandinach et al., 2008). This situation shows that data cannot be effectively
integrated into the teaching-learning process and its potential contribution is limited (Campbell &
Levin, 2009; McNaughton et al., 2012). Therefore, it is of great importance for teachers to turn to
practices that will support their professional development in data analysis.

Since the research data were collected with a cross-sectional design, participants'
perceptions of the 3DM-School scale items were measured in the same time period. This situation
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does not make it possible to evaluate the changes in participants' attitudes and perceptions over
time. Furthermore, since the study was limited to teachers working in a specific time period and
geographical region in Turkey, the generalizability of the findings may be limited to other countries
or different cultural contexts. However, only teachers’ views were included in the study;
perceptions of other stakeholders such as students or parents regarding data use were excluded.
Therefore, the inclusion of different stakeholder groups in future studies will contribute to a more
holistic understanding of the data-driven decision-making culture.

The 3DM-School scale can be used as an effective tool in studies aimed at understanding
and developing cultural structures related to data use in schools. It makes significant contributions,
especially in terms of determining teachers' data literacy levels, evaluating the effectiveness of
educational programs in this area, and ensuring the traceability of data-based approaches in school
development plans (Schildkamp & Poortman, 2015). It is also suitable for use in various research
and application areas such as examining data culture differences in different school types and
supporting data-based leadership practices.

In today’s world where data is considered a valuable mine, rapidly developing technologies
are increasing the importance of data-based approaches in education. Today, data has become the
main fuel not only for generating information but also for effective decision-making and
sustainable school development. As the digitalization process in education gains momentum,
teachers’ predisposition to data-based applications is also becoming critical. With this study, a valid
and reliable measurement tool has been developed that can evaluate data-driven decision-making
processes in schools in a multidimensional manner. The fact that 3DM-School can be used in
research, policy analyses and applied intervention studies strengthens the theoretical and practical
contribution of this study. In future studies, it is recommended that the scale be tested in different
cultural contexts and private schools, and that changes in data use be monitored through
longitudinal studies.
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Genis Ozet

Giris

Egitim Orgiitleri stirekli Ol¢timlerin yapildigi, doniitlerin saglandigi ve verilerin yogun
olarak kullanildig1 yerlerdir. 2000’11 yillarin basinda “Higbir Cocuk Geride Kalmasin” A.B.D.
yasasinin ardindan veriye dayali karar alma, egitim politika ve uygulamalarinin odak noktas1 haline
gelmistir (Mandinach vd., 2006a). Veriye dayali yonetimlerde seffaflik ve hesap verilebilirlik 6n
planda iken yoneticileri de sezgiler yerine kanita dayali karar almaya zorlamaktadir. Veriye dayali
donilisiim, Orgiitlerin ¢alisma uygulamalarin1  degistirmesine yol acar ve Orglitlere tim

uygulamalarinda rekabet avantaji saglamak i¢in yenilik¢i veri toplama ve analiz uygulamalarina
odaklanma gibi ek beceriler gerektirmektedir (Davenport, 2006; McGuire vd., 2012).

Bir kararla ilgili riskler arttik¢a, saglam bir kanita olan ihtiya¢ da artmaktadir (Epstein,
2008). Bu nedenle etkili karar alma sorumlulugunun yerine getirilmesinde bir kanmit olarak
diisiiniilen verilere ihtiya¢ vardir. Orgiitlerde verilerin toplanarak belli bir analiz ve yorumlama
siirecinden gecirilerek karar alma silirecinde kullanilmasina veriye dayali karar alma denir.
Kaufman ve arkadaslarina (2014) gore veriye dayali karar alma veri analizleri yoluyla kullanici
i¢in politika ve prosediirler i¢eren secenekler iiretilmesidir. Bundan dolay1 veriye dayali karar alma
hem egitim politikalar1 hem de egitim uygulamalarinin temel odagini olugturmaktadir (Mandinach
vd., 2006b). Boylece egitim orgiitlerinde veriler bir kenara toplatilip sadece siradan dosyalar olarak
goriilmek yerine geleceklerini tayin edebilecekleri en etkili araglar haline gelmistir.
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Verilerin rasyonel olarak egitim kararlarinin kalitesini artirdig1 hipotezinden yola ¢ikarak,
Ogretmenlerin karar verme siirecini bilgiyle desteklemek i¢in verileri kasith ve sistematik olarak
kullanmalar1 gerektigine dair egitim camiasinda artan bir beklentiden s6z edilebilir (Kowalski &
Lasley, 2009). Veriler analiz ve onun sonucu olan yorumlama ile deger kazanmaktadir. Veriler
rasyonel olarak toplansa bile, 6gretmenlerin yine de verileri anlamlandirmasi gerekir (Bertrand &
Marsh, 2015). Bu anlamlandirma siirecine dahil olabilmek icin 6gretmenlerin verileri etkili ve
sorumlu bir sekilde yorumlamak i¢in bilgi, beceri ve egitimlere ihtiyact vardir (Mandinach &
Gummer, 2016).

Veriye dayali kiiltiir egitim orgiitlerinde verilerin kullanim1 ve etkisi i¢in hayati 6nem
tasimaktadir. Bu nedenle, egitimcilerin profesyonel yorumlama ve takdir yetkisinin veri kullanim
stireglerinde oynadigi énemli rolii vurgulamak i¢in veri kiiltiirii degerli bir orgiitsel kazanim ve
ozelliktir. Okul kiiltiirleri birdenbire degigsmez, okullar mevcut degerlere ve inanglara meydan
okuyan uygulamalara girdik¢e zamanla degisir (Deal & Peterson, 2016). Bu nedenle okullarda
veriye dayal1 bir kiiltiir olusturmak i¢in veri kullanimi i¢in net bir vizyon, veriler etrafinda isbirligi,
Ogretmenlerin verilere erismesine ve bunlari anlamlandirmasina izin veren kaynaklar ve sistemlere
ithtiya¢ vardir (Mandinach & Jackson 2012; Datnow & Park, 2014).

Alanyazinda veriye dayali karar almaya yonelik cogunlugu yabanci olan g¢alismalar
bulunmaktadir (Marsh & Ark., 2006; Swan, 2009; Vicki & Datnow, 2009; Simpson, 2011; Brooks,
2012; Dunn, Airola, & Garrison, 2013; Staman, Visscher, & Luyten, 2014; Dunn, 2016; Zeide,
2017; Datnow & Ark., 2018; Cemaloglu, 2019; Dilekgi ve Ark., 2020; Oz, 2020; Tabak, Sahin, &
Yavuz Tabak, 2020; Altun & Karasu, 2021; Dogan, 2021; Kartal, 2021; Magbool & Ark., 2022).
Yapilan bu c¢alismalar incelendiginde agirlikli olarak veriye dayali karar vermenin kuramsal
temellerine ve bir takim Orgiitsel ¢ikti ve etkilerine odaklanildigi goriilmektedir. Ancak veriye
dayali karar almanin okul diizeyinde hem o6gretmen hem de yonetici algilarina gore nasil
anlamlandirildig1 ve bir biitlin olarak orgiitte veriye dayali karar alma siireglerine yonelik
algilarinda farklilasmanin ne diizeyde oldugu ile ilgili arastirmalar ¢cok az sayidadir. Bu durum
aragtirmamizi digerlerinden ayiran en belirgin amag olarak degerlendirilmektedir.

Yontem

Bu c¢aligma, 6gretmen ve yoneticilerin okullarda veriye dayali karar almaya yonelik
algilarin1 6lgmeye yarayan bir 6l¢ek gelistirmeyi amaglamaktadir. Arastirmada alanyazin taramasi
ve uzman goriislerini iceren nicel arastirma ydntemi kullanilmistir. Olgek gelistirmenin ilk
adimlarinda olan madde havuzu olusturulurken alan yazinda veriye dayali karar almaya yonelik
yapilan ¢aligmalar. Ayrica 6lgekte kullanilan her bir maddenin 6gretmen ve yoneticilere yonelik
yapilandirilmasina 6zen gosterilmistir (DeVellis 2017). Arastirmacilar tarafindan 6gretmen ve
yoneticilere uygun olarak 43 maddelik bir taslak form olusturulmustur. Bu noktada arastirmacilar
bazi maddelerin soru icerikleri bakimindan birbirine benzedigini tespit ederek taslak formdan 12
maddenin ¢ikarilmasina karar vermislerdir. Taslakta verilerin toplanmasi ve saklanmasi i¢in 10
madde, verilerin analizi ve yorumlanmasi i¢in 6 madde ve veriye dayali kiiltiir i¢in 15 madde olmak
lizere taslaktaki madde sayis1 31'e diistiriilmiistiir.

Olgegin gecerlik ve giivenirlik yapilarmi incelemeden 6nce, farkli okul kademelerinde
(ilkokul, ortaokul, lise) ¢alisan 27 6gretmen ve yonetici (17 68retmen, 10 yonetici) ile 2021-2022
egitim-ogretim yilinda bir pilot calisma gerceklestirilmistir. Pilot uygulamanin ardindan 6lgek
katilimcilara uygulanmis ve elde edilen veriler ile 6lgek gelistirmenin ilk adimi olan AFA
prosediirlerinin uygulanmasi saglanmistir. Katilimcilardan elde edilen ikinci veri toplama
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siirecinde ise DFA prosediirleri gerceklestirilmistir. AFA i¢in 546 6gretmen ve okul yoneticisi,
DFA i¢i ise 364 6gretmen ve okul yoOneticisinin verdigi yanitlar analiz edilmistir. Analizler
sonucunda baslangigta 43 madde igeren Ol¢ek, daha sonra aragtirmact ve akademisyenlerin
goriislerinden yararlanilarak madde sayis1 31°e distriilmiistir. AFA ve DFA analizleri
uygulanarak nihai 6l¢ek uzunlugu 23 madde olarak belirlenmistir.

Bulgular

Bu caligma, 6gretmen ve yoneticilerin okullarda veriye dayali karar almaya yonelik
algilarin1 6lgmek igin yeni bir 6lgme arac1 dnermektedir. Olgek formu, literatiir taramasina dayali
olarak gelistirilmistir. Olgek maddelerinin uygulanabilir hale gelmesi i¢in asamali olarak uzman
goriisiine bagvurulmustur. Veriler, AFA i¢in SPSS programi ve DFA igin Lisrel programi
kullanilarak test edilmistir. AFA sonucunda Ol¢ekte yer alan 23 madde ii¢ faktorde toplanmustir.
Ozdegeri >1.00 olan ii¢ faktor toplam varyansin %64.01'ini agiklamistir. Birinci faktoriin 6z degeri
%21.91, ikinci faktoriin 6z degeri %16.40 ve lgilincii faktoriin 6z degeri %25.69'dur. DFA
sonucunda model veri uyum indeksleri ¥?/df = 3.25, CFI = .92, TLI= .91, NFI = .90 ve RMSEA =
.07 olarak bulunmustur. AFA ve DFA analizleri sonucunda OVEDKA gegerli ve giivenli bir 6lgme
araci olarak degerlendirilmektedir.

Sonug¢ ve Tartisma

Sonug olarak ¢alismada 23 maddeden olusan Okullarda Veriye Dayal1 Karar Alma 6lgegi
gelistirilmis ve arastirmacilarin kullanmimina &nerilmektedir. Olgek; veriye dayali kiiltiir, verilerin
analizi ve yorumlanmasi ve verilerin toplanmasi ve saklanmasi boyutlarini igermektedir. Besli
Likert 6lgme bi¢ciminde tasarlanan Olgekten alinan yiliksek puan, okullarda veriye dayali karar
almaya iligkin alg1 diizeyinin yiiksek oldugunu gostermektedir. Boyutlar acisindan alinan yiiksek
puan, okullarda veriye dayali karar almanin boyutlarinin icerigine iliskin alg1 diizeyinin yiiksek
oldugunu gostermektedir. Olgegin giivenirlik katsayilar1 kabul edilebilir diizeyin iizerindedir.
Ayrica yapi gegerliligi testlerinde 1lgili maddelerin yapilar yeterince temsil ettigi goriilmiistiir. Son
olarak, dl¢egin amaclanan yapilar1 6lgmek i¢in giivenli ve gegerli bir ara¢ oldugu sdylenebilir.
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